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Abstract:

extraction is insufficient for refined segmentation of traffic

At present, the research on traffic marking

markings with rich semantic information. This paper
proposes an algorithm to refine traffic marking semantic
segmentation based on mobile laser scanning. The algorithm
first extracts road surface from the point cloud, then
transforms the surface into a raster image according to
intensity information, so as to extract traffic markings
through binary processing, based on which, all traffic

markings are roughly divided into two categories by
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rectangularity filtering, and different semantic segmentation
strategies are applied for recognition. Finally, the refined
semantic information of 10 kinds of symbolic and non-
symbolic traffic markings is obtained. A study was conducted
by 8 groups of urban road point cloud data acquired in
Shanghai, China, whose results demonstrate that the
proposed workflow and method can achieve a Precision,
recall, and F of 96.04 %, 96.92 %, and 96.48 % , which
provides more abundant semantic information for a high-

precision map.

Key words: mobile laser scanning; high-precision map;

traffic marking; semantic segmentation
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Fig. 1 Workflow of proposed method
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Fig. 3 Schematic diagram of image binarization
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