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A Novel Embedded Feature Selection
Algorithm and Its Application
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Abstract:
selection algorithm was proposed for the nonlinear multi-

An improved embedded min-max feature

label classification problem, and in combination with the
support vector machine algorithm, a heuristic algorithm
was proposed for the complex combinatorial optimization
problem. The efficiency and accuracy of the proposed
algorithm were verified after a series of experiments

conducted on steel faults diagnosis dataset.
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Tab.1 The name of features in dataset
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Tab.2 The name of classes and its numbers
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Tab.3 The accuracy on test set using grid search with C and y

. Y
¢ 0.01 0.1 1 2 3 4 5 6 7 8 9 10 100
0.0l 0.36 0.51 0.62 0.65 0.68 0.68 0.69 0.70 0.68 0.70  0.69  0.73  0.75
0.1 0.48 0.62 0.70 0.72 0.72 0.73 0.73 0.73 0.74  0.75  0.75  0.75  0.74
1 0.43 0.57 071 0.72 0.72 0.72 0.73 0.72 0.73 0.72  0.72  0.72  0.70
2 0.36 0.52 0.72 0.72 0.72 0.72 0.72 072 071 071 0.71  0.71  0.71
3 0.36 0.50 0.72 0.72 0.72  0.72 0.72  0.72 0.72 0.72 0.72  0.72  0.72
4 0.36 0.50 070 0.71 071 071 071 071 070 071 0.71  0.71  0.70
5 0.36 0.50 0.67 0.70 0.70 0.70 0.70  0.70  0.70  0.71  0.70  0.70  0.70
6 0.36 0.50 0.64 0.68 0.68 0.68  0.68 0.68  0.68  0.68  0.68  0.68  0.68
7 0.36 0.49 0.61 0.66 0.65 0.65 0.65 0.65 0.65 0.65 0.65 0.65  0.65
8 0.36  0.49  0.59  0.64  0.64 0.64  0.64  0.64  0.64  0.64  0.64  0.64  0.63
9 0.36  0.48  0.56  0.62  0.62 0.62  0.62  0.62  0.62  0.62  0.62  0.62  0.62
10 0.36  0.48  0.56  0.60 0.60 0.60  0.60 0.60  0.60  0.60  0.60  0.60  0.60
100 0.36  0.36  0.46  0.48  0.48  0.48  0.48  0.48  0.48  0.48  0.48  0.48  0.48
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